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« CERN is planning to increase the luminosity of the Large Hadron Collider (LHC), leading to ) N.umber of generated events: S0k *  Select superchambers with one or no
the High-Luminosity LHC (HL-LHC) * Eight muons per event muons
« 10< p; <50 [GeV]  Using Rechit

The higher the pileup interactions, the more difficult it becomes to reconstruct physics

objects like muons « 20<|y/<2.8

 The average pileup of 200

There are many efforts to develop and improve reconstruction algorithms like TrackML
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